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Abstract

This study provides a comparative analysis of the main determinants of large
shifts in aid allocation by major donors, namely China, France, the United
Kingdom, and the United States. In contrast to continuing assistance, signifi-
cant year-over-year variation of allocated aid to a given recipient is consi-
dered a new and deliberate decision by the donors. Using a version of quan-
tile regression to account for heterogeneity in the characteristics of aid reci-
pients, we show that significant differences exist in the aid allocation strate-
gies of the major donors. There is no conditionality attached to Chinese aid,
while self-economic interests and corruption levels at home and in the reci-
pient countries determine aid allocated by France and the U.K. to their for-
mer colonies. In addition, recipient needs affect aid from France, the UK,
and the U.S. Over the 2000-2014 period, there is no significant change in the
determinants of aid allocation by China in response to various criticisms of
its approach. Confronted with the growing influence of emerging donors
such as China, the three major traditional donors seem to adjust their aid al-
location policy towards their own economic interests.

Keywords

Aid Allocation, Official Development Assistance, China, France,
United Kingdom, United States, Recipient Countries

1. Introduction

The Development Assistance Committee (DAC)’s stated goal is to contribute to
sustainable development, help developing countries emerge from poverty, and
ensure a future in which no country will depend on external aid. Several rec-

ommendations have been made to achieve these objectives, including setting a

DOI: 10.4236/tel.2022.121010 Feb. 8, 2022 172 Theoretical Economics Letters


https://www.scirp.org/journal/tel
https://doi.org/10.4236/tel.2022.121010
https://www.scirp.org/
https://doi.org/10.4236/tel.2022.121010
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

N. Rabehajaina et al.

ratio of 0.7% of the gross national income (GNI) that developed countries
should earmark for aid, under a United Nations Resolution in 1970. The OECD
statistics indicate that the total amount of aid more than quadrupled between
2000 and 2016, from 49.12 billion to 216.43 billion in constant 2010 U.S. dollars'.
Aid from DAC member countries has increased between 2000 and 2016, from
35.72 billion to 137.05 billion in constant 2010 U.S. dollars. Despite this increase
in ODA from DAC member countries, the growth remains very low compared
to the growth of aid from emerging, non-DAC member countries. In fact, aid
from non-DAC member countries shot up from 15.38 million in 2001 to 14.65
billion in 2016 in constant 2010 U.S. dollars. Among the emerging donors, espe-
cially Brazil, Russia, India, China, and South Africa (BRICS) countries, China has
overtaken India and become the largest donor (Asmus et al., 2017).

It is argued that donor countries use bilateral aid as a means of domination
over recipient countries. For example, Neumayer (2003a) and Bermeo (2017) state
that some donors grant more aid to their former colonies to maintain their in-
fluence. France and the United Kingdom are the former colonial powers most
criticized in this regard (Alesina & Dollar, 2000; Zanger, 2000). Woods (2008)
maintains that Chinese aid is more appealing to and more appreciated by reci-
pient countries than aid from other countries, particularly DAC member donors,
as the conditions imposed on recipients by major donors are deemed ineffective.
In addition, emerging donors such as China advocate for the sovereignty of reci-
pient countries and for not intruding in their domestic politics, which makes
their aid more appealing to many recipients. Chun et al. (2010) reveal that tradi-
tional donors want to respond to the expansion of Chinese aid, which now im-
pacts almost every region of the world. Therefore, the purpose of this paper is to
investigate how an emerging donor such as China allocates its aid and how tra-
ditional donors are adjusting their aid allocation strategies in recent years in re-
sponse to China’s growing influence.

As aid from non-DAC countries is growing faster than that from DAC mem-
bers who are looking for ways to maintain their influence, our research ques-
tions can be framed as follows: what are the factors that determine the provision
of official development assistance (ODA) by emerging and traditional major
donors? To what extent do the approaches used by main traditional donors differ
from those of emerging donors? Is there a convergence of the determinants of
aid allocation, either through shifts over time in the factors used by traditional
donors in response to emerging donors’ approaches or through the adoption of
conventional criteria by emerging donors? By answering these questions, this
paper contributes to the literature on ODA allocation criteria, shedding new light
on major donors’ aid allocation determinants.

Specifically, we propose to re-examine the factors determining significant
variations in the allocation of aid to specific recipients by four major donor
countries: 1) China, which is, among emerging donors, the one that is giving the

most aid in terms of volume, all beneficiaries combined (Asmus et al., 2017); 2)

'See https://stats.oecd.org/.
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the United States as one of the major traditional donors providing over 25% of
all DAC aid between 2000 and 2016; 3) France and 4) the United Kingdom that
are the two colonial powers challenged in their traditional influence on their
former colonies. ODA to a recipient country is generally a multi-year commit-
ment by the donor. Previous studies on the determinant of aid allocation do not
distinguish between ongoing aid commitment flows and a new decision by a
donor to substantially increase or decrease the allocated amount. We postulate
herein that a substantial year-over-year change in ODA flows can only result
from a new and deliberate decision by the donor that considers the characteris-
tics of the recipient and all other available information. We hypothesize that a
year-over-year variation of 25% or more in the volume of aid is reflective of a
new decision and a significant shift in the allocated aid.

We investigate whether the determinants of aid allocation have changed over
time, both for China and for the three traditional donors (France, the U.K., and
the U.S.). There is a lack of comprehensive and granular data on Chinese ODA.
We take advantage of the new dataset introduced by Dreher et al. (2017) that in-
cludes development aid and other forms of government financing from China
over the 2000-2014 period. By relying on the version of quantile regression that
corrects for heteroscedasticity, we use a robust econometric approach to deal
with the outliers observed during the sample period.

The rest of the paper is organized as follows: Section 2 reviews the aid alloca-
tion literature relevant to our analysis. We describe our variables and data in
Section 3, followed by the methodology in Section 4. Section 5 presents our main

results and the robustness checks, and we conclude in Section 6.

2. Literature Review

Several researchers have analyzed the determinants of ODA. The literature ca-
tegorizes the variables influencing aid allocation into four broad types, two of
them related to the aid recipients and the other two to the donors: recipient
needs and recipient merits; and donor interests and donor institutional quality.
Recipient needs are proposed as a criterion for aid allocation by Dollar and Le-
vin (2006), Hoeffler and Outram (2008), Feeny and McGillivray (2008), amongst
others, who argue that aid should target the poorest and most needy countries.
Social indicators, poverty level, and per capita revenue provide information on
this factor. The merits of the recipient are also considered as criteria for the al-
location of aid by some donors who refer to them as a discriminatory factor be-
tween the poorest beneficiaries. Claessens et al. (2009) find that starting in the
1990s, bilateral aid has been more aligned with the level of poverty and the qual-
ity of the institutional environment in beneficiary countries. Burnside and Dol-
lar (2004) confirm that aid is more effective when allocated according to the re-
cipients’ merits, such as institutional soundness criteria and the level of democ-
racy. While Miller (2014) recommends that recipient merits be considered by

donors when allocating aid for development and for biodiversity conservation,
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Hoeftler and Outram (2011) reveal that recipient merit matters little to many
donors for whom the beneficiaries’ needs and the donor’s own interests play a
significant role in the aid allocation decision. Donors differ in terms of how
much their own interests’ impact their aid allocation criteria. According to
Berthélemy (2006), the least self-interested donors take into consideration the
recipients’ needs in combination with their merits; for the most self-interested
donors, their own political and economic interests dictate their aid allocation
decisions. Some authors (Vreeland & Dreher, 2014; Alesina & Dollar, 2000) as-
sert that Western donors’ own interests have the greatest impact on their aid de-
cisions. Clist (2011) states that these interests vary widely and may include reli-
gion, culture, history, geography, and trade. According to Bermeo (2017), a shared
colonial past and a common language allow historical bonds to develop to the
extent that donors provide more aid to their former colonies to retain influence.
Evidence is provided by Zanger (2000), who shows that France uses this status to
preserve ties with its former colonies, and by Carey (2007), who proves that
former French and British colonies get twice as much aid in volume. Strémberg
(2007) underscores the importance of a shared official language, pointing out
that donors give more aid to beneficiaries that speak the same official language.
According to Lundsgaarde et al. (2010), having a common administrative lan-
guage increases donor confidence about transparency and decreases the various
costs involved in distributing aid. Emphasizing the potential self-interest of do-
nors, Betzold and Weiler (2018) state that donor-recipient trade relation has a
considerable influence on the amount of aid received by a beneficiary. Wagner
(2003) finds that donors tie 50% of their foreign aid to exports, and Younas
(2008) shows that the exports of products and services from a donor to a reci-
pient increase at the same rate as the flow of aid. The fourth type of variable in-
fluencing aid allocation decisions is the donors’ institutional quality. Szent-Ivanyi
(2012), Chong and Gradstein (2011), and Schudel (2008) demonstrate that the
donor’s level of corruption affects the volume of aid received by beneficiaries.
They show that donor countries with low corruption rates tend to allocate their
aid to recipients with a low level of corruption.

Emerging donors and especially China are now playing a much more signifi-
cant role, and their volume of aid has grown significantly. As stated by Paczyns-
ka (2020), emerging donors frame their assistance in language that prioritizes
solidarity, sharing of development experiences, and mutual support, in contrast
to traditional DAC countries, especially Western donors. According to Dreher et
al. (2018), recipient countries are hoping that non-Western donors will exhibit
different behavior than the self-interest shown by Western donors. However,
Dreher et al. (2013) show that aid is allocated by emerging and traditional do-
nors according to the same principles. In contrast, Dreher et al. (2011) reveal
that emerging donors attach more importance to geographical proximity and to
disasters, and hardly consider the needs and merits of recipients or their own

trade interests.
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Among the emerging donors, China is the leader in terms of aid flows (Asmus
et al., 2017). There are several similarities between aid from China and from tra-
ditional donors. For instance, Goldstein et al. (2006) state that China uses its aid
program as a tool of economic and political influence. Kragelund (2008) argues
that Chinese aid is linked to other financial flows, such as trade and investment,
and that China has used aid to expand its diplomatic relations in various regions,
notably Africa. However, the aid provided by China is different enough from
that of older donors that it is more appealing to recipients. Kragelund (2008) and
Manning (2006) review the commitments made by China at the Millennium Sum-
mit in terms of offering several aid options, promising the equality and mutual
benefit of aid, as well as non-interfering in the internal affairs of recipient coun-
tries. Broich (2017) points out that China does not consider the recipients’ insti-
tutional quality, and Woods (2008) suggests that there is no conditionality to
Chinese aid.

This literature review shows that there is no consensus on the determinants of
aid allocation. Moreover, the question of whether the determinants of aid allo-
cated by emerging donors such as China differ from those of traditional donors

remains open and is addressed in this paper.

3. Data and Justification of Variables

3.1. Dependent Variable

The primary measure of official development assistance (ODA) used in this pa-
per is the total committed aid by each donor to the selected recipients. We follow
Berthélemy and Tichit (2004) who advocate using committed aid since it ac-
counts for the donor’s actual decision and its intent, as well as the beneficiaries’
desire and administrative capacity to obtain the assistance. Since the exact deci-
sion date is usually unknown, we assume that a sizeable year-over-year variation
in the ODA is a well-thought-out decision by the donor based on available in-
formation on the recipient countries. In our base analysis, we are focusing on the
new aid commitment or disengagement by retaining only the years where there
is a year-over-year variation of at least 25% of a donor’s ODA to a given reci-
pient.

Using the total aid is proposed by Schneider and Tobin (2013) and Amusa et
al. (2016), according to whom this metric is used in practice and allows donors
to roughly rank beneficiaries at the time of the commitment to allocate aid. For
robustness check, we will later change the dependent variable to committed aid
per capita (instead of the total committed aid), in line with Annen and Kosempel
(2009) and Clist (2009), who suggested that the per capita data eliminates the
bias against less-populated countries.

In this study, we examine the determinants of the ODA committed by each
donor to its recipients over the 2000-2014 period. We do so for Chinese aid to 15
recipient countries as identified by Dreher et al. (2017), for American aid to 45

countries with English as their official language, and for the British and French
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aid to 45 and 33 former colonies, respectively. There was no comprehensive da-
tabase on Chinese aid. Dreher et al. (2017) introduce a new dataset on Chinese
foreign aid and other forms of government financing over the 2000-2014 period.
We rely on their dataset and keep the 15 recipient countries for which ODA data
are available through the whole fifteen-year period. For France, the U.K., and the
U.S., the ODA data in current U.S. dollars are taken from the OECD database
and converted into constant 2010 U.S. dollars using the price index from the
World Bank database’. OECD statistics are the source of official data on aid re-
ported by members of the OECD Development Assistance Committee.

3.2. Explanatory Variables

We rely on the literature reviewed in the previous section to select the main de-
terminants of aid allocation in each of the four categories: the recipient’s needs,
the recipient’s merits, the donor interests, and the donor quality.

We use the gross domestic product (GDP) as a proxy variable for recipient
needs, as in Amusa et al. (2016), Koch et al. (2009), Neumayer (2003b), amongst
others. For instance, Neumayer (2003b) states that this variable is sufficient for
capturing recipient needs since it is highly correlated with physical needs, in-
cluding the actual standard of living and the quality of healthcare and education
in recipient countries. According to Amusa et al. (2016), the GDP also measures
the absorptive capacity of aid by the beneficiaries. The GDP data are taken from
the World Bank database and are given in constant 2010 U.S. dollars’. As in
Nunnenkamp and Thiele (2006), we expect that the recipients’ needs will influ-
ence aid allocation decisions and that the greater is the beneficiary’s need, the
more aid it will receive.

Alesina and Dollar (2000) suggest the use of the recipients’ governance quality
as a metric for the recipient’s merits. These authors state that there must be a
link between the recipients’ quality of governance and aid allocation. Larmour
(2017) shows that donors have a great deal of influence on recipients that are
dependent on aid in terms of adopting sound governance and desired reforms.
We expect that donors will allocate more aid to recipients with good governance
practices, as in Weiler et al. (2018). To measure good governance, we choose
corruption and democracy among the proxy variables. We use the Bayesian
Corruption Index (BCI) introduced by Standaert (2015) as a proxy variable for
corruption®. The BCI ranges from 0 (absolutely no corruption) to 100 (pervasive
corruption). For the democracy variable, we rely on the Freedom House indica-
tor of the level of democracy’. The democracy indicator takes the value of 1 if
there is no freedom, 2 for partial freedom, and 3 for total freedom.

We focus on two donor interests, namely the commercial interest and the

“See https://stats.oecd.org/ and https://databank.worldbank.org/.

3See https://databank.worldbank.org/source/world-development-indicators.

See https://users.ugent.be/~sastanda/BCI/BCLhtml. The BCI index is different from other known
measures of corruption: an increase in the index corresponds to a rise in the level of corruption.

°See https://freedomhouse.org/report/freedom-world.
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proximity interest. As in Clist (2011), we select exports from a donor’s country
to the recipient as the proxy variable for the commercial interest of the donor.
Since the volume of export can capture the economic interest of the donor, we
anticipate that the higher the export to a given recipient country, the higher the
aid. Export data are taken from the International Monetary Fund (IMF) database
and are expressed in Free On Board (FOB) constant 2010 U.S. dollar terms®. We
also include the proximity interests of the donor by using the geographic dis-
tance between the donor and the recipients. According to Dietrich (2013) and
Stromberg (2007), increased distance weakens inter-government relationships
between donors and beneficiaries so that countries located farther away receive
less aid than those that are nearby. We use the approach proposed by Mayer and
Zignago (2011), who measure distance via the number of kilometers between the
donor’s and the recipient’s capital city. Data for this variable are taken from
CEPII’s GeoDist database’.

For the fourth class of explanatory variables, we use the corruption level as a
metric of the donor country’s institutional quality (Rayp & Standaert, 2017). Chong
and Gradstein (2011) show that aid is negatively and significantly correlated with
the donor’s corruption level. Based on this result, we expect that the amount of
aid allocated by a donor will decrease as its corruption level increases. As for the
recipient countries, we also use the Bayesian Corruption Index (BCI) for the do-

nor countries.

3.3. Control Variables

We select four control variables: the population size of the recipient country, the
existence of civil conflict in the recipient country, the existence/nonexistence of
terrorist acts in the recipient country, and the ratio of the donor’s GDP to the
recipients. Berthélemy (2006) shows that adding the population-size variable
prevents the proportion effect or the positive relationship between size and aid.
Since Younas (2008) points to the decrease of aid’s marginal impact with an in-
crease of the recipient country’s population size, we anticipate that aid and pop-
ulation size will increase simultaneously. Population data come from the World
Bank database.

We also control for the security in the recipient countries, following Crost et
al. (2014), who state that donors have been targeting countries experiencing more
conflict when allocating aid in recent years. Consequently, we expect an increase
in the amount of aid allocated to recipient countries with civil conflicts. An in-
dicator of the existence of civil conflicts is used, taking a value of 1 if there is a
civil conflict during a year t, and 0 otherwise. Data are drawn from the Peace
Research Institute Oslo (PRIO)®.

We also consider the existence of terrorist actions in the recipient countries,

®See https://data.imf.org/regular.aspx?key=61013712.
’Source: http://www.cepii.fr/cepii/fr/bdd_modele/presentation.asp?id=6.
8See https://www.prio.org/Data/Armed-Conflict/ UCDP-PRIO/.

DOI: 10.4236/tel.2022.121010

178 Theoretical Economics Letters


https://doi.org/10.4236/tel.2022.121010
https://data.imf.org/regular.aspx?key=61013712
http://www.cepii.fr/cepii/fr/bdd_modele/presentation.asp?id=6
https://www.prio.org/Data/Armed-Conflict/UCDP-PRIO/

N. Rabehajaina et al.

in line with Azam and Delacroix (2006), who demonstrate that an increase in
terrorist activity in each country increases the amount of aid it receives. Ac-
cording to Dreher and Fuchs (2011), several DAC countries have been increas-
ing aid to fight terrorism since the September 11, 2001 attacks in the U.S. Con-
sequently, we expect that the existence of an act of terrorism will be positively
correlated with the amount of aid. An indicator of the presence of terrorist ac-
tion has a value of 1 if a terrorist act has taken place during a year t in a recipient
country, and 0 otherwise. Data are extracted from the Global Terrorism Data-
base’.

The fourth control variable is a measure of the level of development of the
donor country relative to the recipient. We assume that the donor’s GDP must
be higher than the recipient’s, and we take the ratio of the donor’s GDP to the
recipients to control our model. We anticipate that the more significant the gap
between the donor’s and the recipient’s GDPs, the more aid will be allocated to

that recipient.

4. Methodology

The following econometric model is used to find out what factors influence aid
allocation by the U.S. to countries with English as their official language, by the
U.K. and France to their former colonies, and by China to its primary aid reci-
pients:

ODA ;. =« + BGDR, , + B,EXP;;, , + £;DIST,;; + B,BCl; ,

(1)
+B;DEM; [, + B;BClj L, + YX; L, + &,

where ODA ;, is the logarithm of 1 plus the total aid committed to recipient 7
by donor ;j in year % «; is the individual fixed effect of each recipient #
GDP,_, is the logarithm of the gross domestic product of recipient 7 at time ¢ —
2; EXPj;,, is the logarithm of 1 plus the exports by donor / to recipient 7 at
time £—2; DIST,; isthe logarithm of the distance between the capital of donor
Jjand recipient 7in kilometers; BCI;,_, is the logarithm of the Bayesian corrup-
tion index of recipient 7 at time - 2; DEM, _, is the democracy level of reci-
pient 7at time £ 2; BCI,, , is the logarithm of the corruption perception index
of donor jat time - 2; X;,_, is the vector of the control variables; and ¢&;, is
the error term. The vector of the control variables, X , includes: 1) the ratio of
the donor /s GDP to the recipient /s (GDP, / GDP, denoted by GDPRATIO); 2)
the logarithm of the recipient’s population size ( POP ); 3) a dummy variable
CCV; for the existence of civil conflict in the recipient country i (with a value of
1 if there is a civil conflict and 0 otherwise); 4) a dummy variable TER, for the
existence of terrorist action in the recipient country.

We assume that the decision to provide aid to a country in year ¢is made in
time £ — 1 based on the explanatory variables observed at ¢ — 2. Shifting the in-

dependent variables backwards in time considers the information that was avail-

°See https://www.start.umd.edu/data-tools/global-terrorism-database-gtd.
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able to decision-makers at the time the aid was allocated. It also solves issues of
simultaneity and information delays, eliminates the endogeneity problem
(Amusa et al., 2016), and adds accuracy to the donors’ decisions (Lopez, 2015).

One of the main issues with the available literature is related to the identifica-
tion of the date of actual aid allocation decision. In fact, committed aid can ex-
tend over several years depending on the program length, and it is possible for a
new program to start while another is still ongoing. As a result, it is essential to
have an idea of when a recent allocation decision (increase or decrease of assis-
tance level) is made. We postulate that a minimum of 25% variation (increase or
decrease of 25% or more) in the total committed aid of year t relative to the pre-
vious year is an indication of an actual decision by the donors. Our selection of
the 25% threshold of the annual growth rate of the committed ODA is based on
the observations in the sample period and on the fact that an increase/decrease
of that magnitude is very likely to indicate a new allocation decision. For a ro-
bustness check, we later examine 10% and 50% thresholds.

Like Saibu and Obioesio (2017), we use a linear logarithmic transformation of
the variables other than the dummies, allowing the estimated coefficients to be
interpreted in terms of elasticities. Following the method used by Hansen and
Tarp (2001), we add “1” to each variable containing the value “0” to capture this
value even after the logarithmic transformation of the variables. To estimate the
model, we use the robust version of the quantile regression proposed by Koenker
and Basset (1978) and Koenker (2005). This method accounts for the entire con-
ditional distribution of the dependent variable rather than just its average, as it is
the case in linear regression. It is the most appropriate method to deal with the
outliers in the dependent variable (ODA) and the heterogeneous nature of the
recipient countries in our sample.

We test the robustness of our results by changing the dependent variable to
aid per capita. The use of the ODA per capita is advocated by some authors
(Thiele et al., 2007; Clist, 2009; Annen & Kosempel, 2009) who argue that it eli-
minates the bias against less-populated countries. With the aid per capita, we
run the following regression:

ODA_PC, ;, =a; + BGDR, , + B,EXP,;, , + B;,DIST;; + B,BCI,  ,

2
+BDEM, , + BBCl, , + XX, , +¢&, (2)

where ODA_PC
recipient 7 by donor j at time £ All other variables are as previously defined.

ijx is the logarithm of 1 plus the per capita aid committed to

With this specification, the recipient’s population size variable ( POP, ) is dropped

from the control variables.

5. Empirical Results

We analyze the donors’ behavior towards those recipients most likely to receive
aid from them. These recipients vary from one donor to another: the former co-

lonies for France and the U.K., the English-speaking countries for the U.S. In
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Appendix A, the list of the 82 recipients’ countries is provided along with their
respective donors. Table 1 displays the descriptive statistics by donor country
over the 2000-2014 period for ODA, with two-year lags for the explanatory and
control variables.

On average, France provides the highest ODA per recipient country, followed
by the U.S. There is a very high dispersion of the ODA, which justifies our choice
of using the quantile regression model with the median since the regression es-
timates are more robust against outliers. The average and the range of GDP va-
riables reveal that China’s ODA is allocated to recipient countries that are less
wealthy and have much greater needs than those of the UK., the U.S., and
France. Furthermore, the ratio of the Chinese GDP to its recipients’ (GDPyg,110)
is generally lower than that of the traditional donors. This is an indication that
to reduce inequality, China provides aid to countries in need even though its
own level of development is not much higher. The Bayesian Corruption Index is
on average higher for recipients of Chinese aid, although the country with the
highest level of corruption is among the recipients of French aid. While France
and China provide aid to countries where they have commercial interests meas-
ured by their exports, there is at least one U.S. and one U.K. aid recipient coun-
try that does not import any products from their donor.

The empirical results presented in Table 2 show that several factors determine
the variation of 25% or more in aid committed by donor countries. The deter-
minants differ by the donor and include the recipient’s needs and merits, as well
as the donor’s interests.

The first striking result in Table 2 reveals that the impact of the GDP of reci-
pient countries—a measure of their needs—on the allocated aid is significant
only for France and the U.S. Although the goal of ODA is to reduce poverty in
the world and to lessen inequality between Northern and Southern countries,
neither China nor the U.K. seems to tailor their aid to the achievement of this
goal. This may bring into question the effectiveness of ODA, as has been sug-
gested by many authors, including Bourguignon and Platteau (2017) and Briggs
(2017). The recipient GDP is a significant determinant of the aid allocation deci-
sion by France and the U.S., but this result can also be interpreted as these do-
nors’ tendency to reward recipients with economic growth rather than support-
ing those in need (Hoeffler & Outram, 2011).

We find a positive and significant relationship between the committed aid by
France and the U.K. and the Bayesian corruption perception index (BCI) of their
recipient countries: the amount of aid allocated by France and the U.K. increases
to their former colonies with a higher level of corruption. As asserted by Doig
and Theobald (2013), this situation can severely compromise the effectiveness of
aid to the former colonies. The result can also indicate that part of the aid allo-
cated by France and the U.K. serves to combat corruption and to implement
sound governance in their former colonies. For China, a high score of the reci-

pient corruption index has a negative impact on aid, but the relationship is not
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Table 1. Descriptive statistics.

China United States
Variable N Mean csl:::i?;i Min. Max. Median N  Mean ::'Iili?;i Min. Max. Median
ODA 184 15.00 5.41 - 21.34 16.54 348 15.47 4.75 - 21.28 16.93
ODA_PC 184 1.08 1.14 - 5.60 0.67 348 1.74 1.41 - 7.46 1.58
GDP 184 6.51 0.58 4.69 7.45 6.60 348 7.67 1.15 5.25 9.82 7.79
BCI 184 4.08 0.08 3.85 4.20 4.10 348 3.88 0.20 3.36 4.17 391
DEM 184 1.71 0.62 1 3 2 348 2.21 0.76 1 3 2
EXP 184 18.46 1.93 13.25 22.34 18.65 348 18.08 2.89 - 23.87 17.92
DIST 184 9.07 0.37 8.12 9.43 9.18 348 9.10 0.54 7.75 9.63 9.36
POP 184 16.52 0.84 14.09 17.70 16.75 348 14.94 2.34 11.15 20.96 14.70
CCV 184 0.22 0.41 - 1 - 348 0.12 0.32 - 1 -
TER 184 0.52 0.50 - 1 1.00 348 0.31 0.46 - 1 -
BClIpon 184 3.89 0.01 3.87 3.89 3.89 348 3.52 0.04 3.48 3.59 3.50
GDPgy110 184 1.46 0.63 0.25 3.20 1.44 348 3.10 1.15 0.90 5.47 2.96
France United Kingdom
Variable Standard . . Standard . .
N Mean deviation Min. Max. Median N  Mean deviation Min. Max. Median
ODA 301 17.25 2.67 - 21.14 17.75 376 14.66 4.21 - 21.81 15.29
ODA_PC 301 2.25 1.28 -1.90 5.96 2.18 376 1.01 0.91 -0.03  4.56 0.73
GDP 301 7.29 1.08 5.60 9.39 7.00 376 7.76 1.09 4.69 9.82 7.80
BCI 301 3.98 0.19 3.48 4.22 4.05 376 3.89 0.21 3.36 4.20 3.94
DEM 301 1.89 0.79 1 3 2 376 2.20 0.74 1 3 2
EXP 301 18.67 1.93 14.17 2243 18.97 376 17.68 2.39 - 22.88 17.74
DIST 301 8.59 0.49 7.20 9.70 8.53 376 8.90 0.36 7.65 9.72 8.89
POP 301 15.42 1.77 11.15 18.29 16.04 376 15.08 2.53 9.19 20.94 15.06
CCV 301 0.10 0.30 - 1 - 376 0.13 0.33 - 1 -
TER 301 0.27 0.44 - 1 - 376 0.32 0.47 - 1 -
BClIpon 301 3.42 0.03 3.39 3.49 3.40 376 3.28 0.04 3.24 3.33 3.25
GDPg,10 301 3.31 1.08 1.24 4.99 3.58 376 2.79 1.09 0.66 5.74 2.77

ODA is the logarithm of 1 plus the annual official development aid committed by each donor to its recipients; ODA_PC is the
logarithm of 1 plus the per capita aid committed to a recipient; GDP is the logarithm of the recipient gross domestic product; BCI
is the logarithm of the recipient corruption perception index; DEM is the recipient democracy level; EXP is the logarithm of 1 plus
the donor’s exports to the recipient country; DIST is the logarithm of the distance between the donor and recipient capital cities;
POP is the logarithm of the recipient’s population size; CCV is the indicator of the existence of civil conflict in the recipient coun-
try; TER is the indicator of the existence of terrorist acts in the recipient country; BCI,qy is the donor’s Bayesian corruption per-
ception index; and GDPy, g is the logarithm of the ratio of the donor’s GDP to the recipient. N is the number of recipient coun-
tries times the number of years where there is a year-over-year variation of 25% or more in the official development aid. Data are
from 2000 to 2014 for the ODA with two-year lags for the other variables.
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Table 2. Determinants of aid allocation—results of the base-case analysis.

Variables China United States France United Kingdom
2.100 11.900* 5.319* -2.811
GDP
(1.40) (2.29) (2.04) (-1.08)
—4.364 0.442 1.504** 2.713%%*
BCI
(-1.26) (0.45) (2.87) (3.50)
-0.578 0.088 0.047 0.294
DEM
(~1.25) (0.35) (0.46) (1.55)
0.373 -0.153 0.666*** 0.891***
EXP
(1.29) (-1.74) (9.65) (8.54)
0.147 -0.643 0.176 0.712
DIST
(0.19) (~1.60) (0.82) (1.66)
-0.113 1.247%%* 0.216*** -0.031
POP
(-0.24) (9.26) (3.76) (-0.28)
—-0.140 -0.584 —0.147 —-0.146
ccv
(-0.18) (-0.95) (-0.60) (-0.36)
-0.210 0.502 0.060 0.282
TER
(-0.36) (1.12) (0.35) (0.86)
14.490 1.063 —5.681* —-7.635*
BCIon
(0.32) (0.20) (-2.37) (-2.08)
1.629 12.070* 5.535* -1.178
GDPRATIO
(1.25) (2.33) (2.13) (~0.45)
—43.04 —128.20%* —43.54 32.38
Intercept
(-0.24) (-2.78) (-1.74) (1.33)
N 184 348 301 376

Equation (1) estimation results where the dependent variable is the total committed aid
(the logarithm of 1 plus the total aid committed to recipient i by donor j in year #) with a
25% year-over-year variation threshold. The explanatory variables (all taken in year - 2)
are: GDP (the logarithm of the recipient gross domestic product); BCI (the logarithm of
the recipient corruption perception index); DEM (the recipient democracy level); EXP
(the logarithm of 1 plus the donor’s exports to the recipient country); DIST (the loga-
rithm of the distance between the donor and recipient capital cities); and BCI,y (the
donor’s Bayesian corruption perception index); the control variables include GDPy,q
(the logarithm of the ratio of the donor’s GDP to the recipient); POP (the logarithm of
the recipient’s population size); CCV (the indicator of the existence of civil conflict in the
recipient country); and TER (the indicator of the existence of terrorist acts in the reci-
pient country). The estimation uses the robust version of the quantile regression with the
median. The ODA sample span the 2000-2014 period. t-statistics are in parentheses. *, **,
and *** indicate significance at 10%, 5%, and 1% levels, respectively.

DOI: 10.4236/tel.2022.121010

183 Theoretical Economics Letters


https://doi.org/10.4236/tel.2022.121010

N. Rabehajaina et al.

significant. This result suggests that China, as an emerging donor, does not nec-
essarily exhibit the same complacency that France and the U.K. may have to-
wards their former colonies where corruption and misuse of public power for
private gain can be prevalent. However, for France and the U.K,, the quality of
their own institutions measured by the level of corruption significantly affects
their aid.

France and the U.K. are the donors for whom economic interests, measured
by the level of exports to the recipient countries, are significant determinants of
the committed aid. Our results confirm those of Zanger (2000), showing that
France and the U.K. maintain good relations with their former colonies through
trade and culture. As an indication of the less selfish economic interests of China
and the United States, their aids are not significantly linked to their exports to
the recipient countries.

The results show that American and French official development assistance
aims at alleviating inequalities. The positive and significant coefficient of GDPy, 1,0
is an indication that these donors grant more aid to countries with a GDP that is
much lower than theirs. They also put their focus on the most populated coun-
tries, providing more aid to highly populated recipients. In contrast, the results
clearly indicate the absence of conditionality in the allocation of Chinese aid: it is
not significantly related either to the beneficiaries’ needs or to the variables asso-
ciated with the reform required by various forums and declarations like those of
Paris in 2005 and Accra in 2008.

Although favorable conditions in the recipient country, such as stability, ab-
sence of terrorist acts and civil conflicts are essential for aid to be effective, none
of the four main donors seem to account for them significantly. Rewarding sta-
bility or reducing the risk of civil conflict (CCV) and fighting terrorism (TER),
especially in nearby recipient countries (DIST), are not among the significant
determinants of aid allocation.

For the robustness test analysis, we estimate Equation (2), where the depen-
dent variable is the ODA per capita, and the control variables exclude the popu-
lation size of the recipient countries". The results do not differ materially from
those of our main model in Table 2, especially for China and the U.S. For in-
stance, the study reveals that the aid allocation practice in China is not affected
by the four major potential determinants, namely, recipient needs, recipient me-
rits, donor interest, and donor quality. The results also confirm that the U.S. is
concerned by the recipient’s needs since both the recipient’s GDP and the ratio
of the donor’s GDP to the recipient remain the main determinants of the U.S.
per capita aid allocation. After accounting for the recipient country population,
France pursues its economic interests in granting aid to its former colonies. For
the U.K., the level of democracy of the recipient countries and their internal se-
curity indicator appears to be significant determinants of ODA per capita. The

results also substantiate the findings that France and the U.K. are committing

9The results are available upon request.
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even more aid to their former colonies with a higher level of corruption.

It is essential to investigate whether there is any shift over time in the aid allo-
cation practices either by China to align its approach to those of the traditional
donors or by any of the other traditional donors in response to the growing in-
fluence of emerging donors. For that purpose, we proceed by estimating Equa-
tion (1) over two subsamples arising from splitting our sample period into two
parts. The first half, denoted by Period 1, runs from 2000 to 2007 while Period 2
is from 2008 to 2014. The results are displayed in Table 3"

There is no difference between the results for China over the two subperiods,
while those of the three traditional donors reveal some substantive shifts in the
determinants of their aid allocation. Indeed, none of the usual determinants of
aid allocation is significant in both subperiods for China. Despite various criti-
cisms of China’s approach, this donor stands firm and does not try to change its
practices to conform to other donors’ approaches. For the three major tradition-
al donors, there are some noticeable changes. For example, while France consid-
ers the recipient needs and the level of corruption of the recipient countries in
the first half period, only economic interests measured by the export variable
remain a significant determinant of its assistance in the second half period. It is
also the case for the United States, where economic interests (export variable), as
well as the level of corruption (BCI), have become the main determinants of aid
in the second half period. The importance of the corruption variable in the latter
half period may be related to the international context, such as the various rec-
ommendations arising from the declaration of Paris in 2005, Accra in 2008 and
the Busan Forum in 2011. Unlike China, all the three major traditional donors
consider their economic interests in the allocation of aid over the second subpe-
riod.

Our main results are based on a 25% year-over-year variation in the total
committed aid as an indicator of a new aid allocation decision. For the robust-
ness check, we consider both a fewer 10% and a higher 50% threshold for sensi-
tivity analysis. The results displayed in Table 4 are not qualitatively different
from those of the main case (Table 2).

Indeed, none of the explanatory variables are statistically significant determi-
nants of the Chinese aid allocation at the two alternative threshold levels, sup-
porting the results from Dreher et al. (2018) that Chinese ODA is driven primar-
ily by foreign policy considerations not accounted for by the usual determinants.
While the GDP growth, the level of export to the recipient countries, the dis-
tance variable, and the GDP ratio are significant determinants of at least 10%
variation on the total committed aid by the United States, these variables are no
longer significant in explaining a vast 50% or higher variation. Only the GDP
growth and GDP ratio for France and the donor’s corruption index for the U.K.

exhibit the same features. It is worth pointing out that from the 191 instances of

"Given the relative stability of the donors’ Bayesian corruption perception index over each subpe-
riod, this variable is dropped from the analysis.
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Table 3. Determinants of aid allocation—results of the subsample analysis.

China United States France United Kingdom
Variables period Period Period Period Period Period Period Period
1 2 1 2 1 2 1 2
2.012 -0.154 6.278 17.540 12.990** 4.403 -2.438 -3.891
GDP
(0.36) (-0.07) (0.84) (0.93) (2.86) (0.49) (-0.63) (-0.67)
-9.235 3.711 -0.938 3.916* 2.445*** (0.809 1.783 3.158%**
BCI
(-0.98) (0.74) (-0.83) (2.44) (3.56) (0.91) (1.65) (3.75)
-0.009 -0.727 -0.288 0.491 —0.047 0.043 1.082*** —0.438*
DEM
(=0.01) (-1.10) (=1.08) (1.05) (=0.34) (0.26) (4.22) (-2.03)
—-0.064 0.869 0.019  —0.319* 0.529*%** 0.770*** 0.683*** (.853***
EXP
(-0.08) (1.94) (0.15) (-2.46) (6.08) (6.40) (3.44) (8.31)
—0.111 1.195 -1.140* -0.160 -0.117 0.301 0.039 0.548
DIST
(-0.05) (1.08) (-2.34) (-0.25) (-0.43) (0.79) (0.06) (1.17)
0.648 —0.696 1.210%** 1.314*** 0.292*** 0.056 -0.025 0.094
POP
(0.52) (~1.00) (7.09) (6.23) (4.33) (0.53) (-0.14) (0.81)
0.193 -0.308 -0.276 -2.012 —0.348 0.081 -0.614 0.080
CCV
(0.09) (=0.27) (-0.44) (-1.62) (-1.24) (0.16) (-1.13) (0.17)
0973 -0.902 0.237 0.701 -0.250 0.111 0.538 —-0.425
TER
(0.60) (-1.03) (0.49) (0.87) (-1.04) (0.39) (1.20) (-1.11)
1.188 —-0.208 6.694 17.240 13.040** 4.797 -0.516 -2.479
GDPRATIO
(0.22) (-0.11) (0.90) (0.92) (2.87) (0.54) (-0.13) (-0.43)
30.06 -10.85 -56.77 -200.70 —142.9** -51.82 14.23 19.48
Intercept
(0.52) (-0.39) (-0.71) (-0.99) (-2.98) (-0.55) (0.35) (0.31)
N 81 103 155 193 127 174 145 231

Equation (1) estimation results where the dependent variable is the total committed aid
(the logarithm of 1 plus the total aid committed to recipient /by donor j in year ) for two
subperiods. Period 1 runs from 2000 to 2007 while Period 2 is from 2008 to 2014 for the
dependent variable. All the explanatory variables (all taken in year ¢ — 2) are as defined in
Table 2. The estimation uses the robust version of the quantile regression with the me-
dian. The sample covers 15 recipient countries for China, 45 for the U.S., 33 for France,
and 45 for the UK. t-statistics are in parentheses. *, **, and *** indicate significance at
10%, 5%, and 1% levels, respectively.

at least 10% variation of committed Chinese aid, 89% are related to substantial
shifts of at least 50%. This ratio is only 46% for the United States, 47% for
France, and 54% for the United Kingdom.
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Table 4. Determinants of aid allocation—results of the sensitivity analysis.

China United States France United Kingdom
Variables
10% 50% 10% 50% 10% 50% 10% 50%
0.427 1.625 12.32%*  6.238 4.834* 5312 -0.889 -2.442
GDP
(0.30) (1.01) (2.94) (0.76) (2.42) (1.32) (-0.41) (-0.71)
-1.680 -4.463  0.547 1.573  1.052* 1.786* 2.846*** 2.047*
BCI
(-0.52) (-1.17) (0.69)  (0.96) (2.51) (2.42) (4.20) (2.11)
0.0267 -0.770  0.201 -0.260 -0.110 0.0269 0.319 0.428
DEM
(0.06) (-1.51) (0.97) (-0.63) (-1.35) (0.17) (1.97) (1.84)
0.389  0.535 -0.318%** —0.0212 0.641*** 0.723*** 0.852*** 1.001***
EXP
(1.43) (1.71) (-5.38) (-0.14) (11.64) (7.38) (9.20)  (8.22)
0.00318 0.646 —-0.650* -0.378 0.0266 0.269 0.573 0.919
DIST
(0.00) (0.76) (-2.06) (-0.60) (0.16) (0.86) (1.54)  (1.76)
0.00785 —0.519 1.200%** 1.165*** 0.178*** 0.284*** -0.0389 —0.0466
POP
(0.02) (-1.03) (11.70) (5.11) (3.83) (3.43) (-0.40) (-0.35)
0.425 -0.256 -0.458 -0.372 -0.154 -0.254 -0.00160 0.0986
CCcv
(0.58) (-0.31) (—0.94) (-0.37) (-0.80) (—0.68) (-0.00) (0.19)
-0.515 -0.265 0.868* 0.260 -0.117 -0.0322 0.235 0.291
TER
(-0.92) (-0.42) (2.39)  (0.36) (-0.83) (=0.12) (0.85)  (0.72)
-62.02 -7.004 1.756 1.196 —4.880* —9.435** —9.422** —4.478
BClIon
(-1.44) (-0.14) (0.41)  (0.14) (-2.47) (-2.67) (-2.92) (-1.00)
-0.0916 1.263 1231**  6.706  5.154* 5.463 0.706  -0.524
GDPRATIO
(-0.07) (0.91) (2.94)  (0.82) (2.58) (1.36) (0.32) (-0.15)
254.6 44.16 -131.4%"* -76.24 -37.07 -34.22 19.50 16.01
Intercept
(1.47)  (0.22) (=3.55) (-1.06) (-1.94) (-0.88) (0.96)  (0.50)
N 191 170 471 218 395 186 465 253

Equation (1) estimation results where the dependent variable is the total committed aid
(the logarithm of 1 plus the total aid committed to recipient 7 by donor ;in year #) for 10%
and 50% year-over-year variation thresholds. All the explanatory variables are as defined
in Table 2. The sample covers 15 recipient countries for China, 45 for the U.S., 33 for
France, and 45 for the U.K. t-statistics are in parentheses. *, **, and *** indicate signific-
ance at 10%, 5%, and 1% levels, respectively.

6. Conclusion

The considerable increase in aid flows in recent years and the growing influence
of many emerging donors, alongside traditional donors, make it essential to study
the determinants of bilateral ODA allocation. Motivations for the study are heigh-

tened by the attractiveness of Chinese aid for recipients and a desire to under-
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stand the resulting behavior of traditional donors towards some specific benefi-
ciaries. With specific donor-recipient combinations, we use a robust version of
quantile regression with the median to counter issues related to outliners and
heterogeneity. We consider that a new aid allocation decision results in a varia-
tion of at least 25% in the allocated aid.

We find that the determinants of bilateral ODA differ widely from one donor
country to another. For instance, the study reveals that the Chinese aid alloca-
tion is not influenced by the four major potential determinants, namely, reci-
pient needs, recipient merits, donor interests, and donor quality. This may hinder
the effectiveness of Chinese aid. The results also indicate that France and the
U.S. consider the recipient needs when allocating their ODA. Furthermore, France
and the U.K. pursue their economic interests related to their exports in granting
aid to their former colonies, even to those with higher corruption levels.

Given the critiques of Chinese practices, but also the attractiveness of Chinese
aid to recipient countries, adjustments would be expected either from traditional
donors or from China. However, we show that there is no material shift in the
determinants of aid allocation by China over the 2000-2014 period. In contrast,
the three major traditional donors seem to shift the determinants of their aid al-
location towards their self-economic interests over the second half period of our
analysis. Since data related to ODA allocation by China are limited in their length
and scope even for this study, the investigation of the real motives of aid alloca-
tion by both emerging and traditional donors needs to be pursued further in
other to understand the appropriate channel for aid to be fully effective. It is also
left for future research to study the short- and long-term effectiveness of ODA
from China in the recipient countries, compared to that of aid from traditional

major donors.
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China United States France United Kingdom
Afghanistan South Africa Algeria Afghanistan
Burundi an?rl;t;ilz da Benin South Africa
Cambodia Barbados Burkina Faso Antigua and Barbuda
Cameroon Belize Cambodia Bahrain
Eritrea Botswana Cameroon Bangladesh
Ghana Cameroon Central African Republic Barbados
Guinea-Bissau Dominica Comoros Belize
Kenya Egypt Congo Bhutan
Mozambique Eritrea Ivory Coast Botswana
Uganda Ethiopia Djibouti Dominica
Papu.a Fiji Dominican Republic Egypt
New Guinea
Sudan Gambia Dominica Eritrea
Tanzania Ghana Gabon Fiji
Zambia Grenade Grenade Gambia
Zimbabwe Guyana Guinea Ghana
S;)sll(;r;l;sn Haiti Grenade
India Laos Guyana
Jamaica Lebanon Solomon Islands
Jordan Liberia India
Kenya Madagascar Jamaica
Kiribati Mali Jordan
Lesotho Morocco Kenya
Lebanon Mauritius Kiribati
Liberia Mauritania Lesotho
Malawi Niger Malaysia
Malta Senegal Malawi
Mauritius Seychelles Maldives
Micronesia
(Federated Syria Malta
States of)
Namibia Chad Mauritius
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Continued
Nigeria Togo Nigeria
Uganda Tunisia Uganda
Pakistan Vanuatu Pakistan
Papua New . .
Guinea Vietnam Papua New Guinea
Philippines Seychelles
Rwanda Sierra Leone
Samoa Sudan
Seychelles Sri Lanka
Sierra Leone Swaziland
Swaziland Tanzania
Tanzania Tonga
Tonga Trinidad and Tobago
Trinidad
and Tobago Tavalu
Vanuatu Vanuatu
Zambia Zambia
Zimbabwe Zimbabwe
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